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Abstract
The rapid, unmoderated exchange of news on social media platforms significantly
facilitates the spread of inaccurate information, notably fake news. Stance detec-
tion, the task of classifying an article’s stance toward a headline, is a crucial step
in combating this phenomenon [6]. Existing machine learning models, including
Transformer-based architectures, face two primary challenges in fake news stance
detection:

1. Article Length: News articles can span thousands of words, often contain-
ing irrelevant or varied information.

2. Length Asymmetry: The inherent imbalance between short headlines and
long articles may bias a model’s attention, making it harder for the model to
learn the underlying relationship between them.

This paper investigates these length challenges and asymmetries to identify
optimal processing techniques. Specifically, we explore (1) the utility and potential
detriment of different article text sections for accurate stance detection, and (2)
which article sections (lead, body, or conclusion) contain primary stance cues. To
our knowledge, this is the first systematic and empirical study to investigate how
stance-related cues are distributed across an article’s core structural sections.
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The researchers evaluated two Transformer-based models: ArBERTv2 [1] for
Arabic and RoBERTa [5] for English. These were tested across three benchmark
datasets: AraStance (4,063 instances) [2], UnifiedFC (3,042 instances) [3], and
FNC-1 (75,385 instances) [4]. The study employed several experimental configura-
tions to probe article utility:

• Lead-N: Combining the headline with the first N tokens of the article.

• Conclusion-N: Combining the headline with the final N tokens of the arti-
cle.

• Sliding Window Segments: Combining the headline with a specific seg-
ment of the article.

• Noheadline-N: An ablation study using only the article text to quantify
the headline’s contribution.

Performance was primarily measured using the Macro F1-score to account for sig-
nificant class imbalances within the datasets.

Our comprehensive experiments reveal several primary insights regarding article
structure and model performance:

1. The Headline is Paramount: Across all datasets, including the head-
line consistently and dramatically improves performance. In the FNC-1
dataset, the Macro F1-score dropped from 78.63% (Lead-512) to just 28.16%
(Noheadline-512), proving that articles cannot be accurately classified with-
out the headline’s context.

2. The Inverted Pyramid Style: Stance cues are most concentrated in the
article lead. Models using only the lead sections achieved peak Macro F1
scores of 77.58% (AraStance), 47.35% (UnifiedFC), and 78.63% (FNC-1).

3. The Importance of Conclusions: While the lead is generally superior,
core arguments often appear at the end of articles. Performance in Conclusion-
N settings improved consistently as the token window increased, suggesting
that relevant information at the end of a document is more distributed.

4. Optimal Input Length: The optimal input length is not universal. For
example, AraStance peaked at 256 tokens, while FNC-1 and UnifiedFC ben-
efited from the maximum 512-token window.

This study provides an empirical foundation for advancing stance detection by
proving that simplistic truncation (Lead-only) is insufficient and potentially detri-
mental, as it ignores vital cues located in article conclusions. Our results highlight
the need for dynamic text processing strategies, such as segment aggregation or
summarization, that can bridge the length gap between headlines and articles while
capturing information dispersed throughout the text. To facilitate reproducibility
and encourage further research, we have made our complete codebase and dataset
splits publicly available.
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